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Summary. The paper proposes a methodology for assessing the
relevance of information in the news based on semantic networking and
generative language models.

AHoTamnis. Y po0oTi 3anmporoHOBaHO METOAMKY OLIHKH JOCTOBIPHOCTI
iHpopMmanii B HOBMHAX Ha OCHOBI CEMaHTHYHOIO HETBOPKIHTY Ta
TCHCPAaTUBHUX MOBHHUX Moz[eneﬁ.
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The amount of fake information in large data sets is growing fast, which
presents a problem for society, so there is a need to identify information as
fake or reliable. Existing methods for detecting fake information are generally
based on the use of machine learning approaches, natural language processing,
and the use of artificial intelligence technologies.

The paper proposes a methodology for detecting fake information in
news reports, assessing the relevance of news using semantic networking and
generative language models (ChatGpt, Gemini, DeepSeek).

In the course of implementing the methodology, the following was done
with the help of prompt engineering:

semantic analysis with the division of relations into temporal,
associative, tonal and source ones and the formation of a semantic network of
events in the form of an oriented graph of events and concepts;

weighting coefficients for each type of relation in the overall reliability
assessment were determined;

an integral formula for calculating the reliability assessment of a news
message was proposed.

an integrated assessment of the reliability of information from different
sources was implemented.

Conclusions. The developed methodology provides automated

detection of fake information in the news, provides an assessment of reliability
and can be integrated into tools for identifying fakes.
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VJIK 621

Marepiain  VIII  HaykoBo-mpakTH4YHOI KOH(epeHHii KypcaHTiB
(cTyneHTIB), acmipaHTiB, NOKTOPAHTIB Ta MOJOJMX YYeHHX “AKTyaabHi
NUTAHHS 3aCTOCYBAaHHA cHemiaJILHUX  iH(opManiifHO-KOMYyHiKaIiiiHIX
cucrem”. Kuis : IC33I KIII im. Irops Cikopebkoro, 2025. 516 c.

Y wmarepianax VIII HaykoBo-mpakTH4HOi KOH(epeHIii KypcaHTIiB
(CTymeHTIB), acIipaHTiB, OKTOPAHTIB Ta MOJOAMX YUYCHHX ‘‘AKTyasbHi
MTUTaHHS 3aCTOCYBaHHsI CIelialbHUX 1H(QOpMaLiHHO-KOMYHIKalliHHUX crcTeM”
OIyOJIiIKOBAaHO ~ TE3W  JONOBiZIeH, B SIKMX BHCBITJIIOIOTHCS  MUTaHHS
JOCITI/DKEHHSI, aHali3y W y3araJlbHEHHS HOBHX TEOPETHYHHMX 1 TMPAaKTUYHHX
pe3yabTatiB y cdepi kibepOe3nmeKkH, HOBITHIX 1H(OPMAIIMHUX TEXHOJOTIH,
IITYYHOTO 1HTEJIEKTY Ta eJIEKTPOHHUX KOMYHIKaliH, MiIroTOBKK odilepis A
ceKkTopy 0e3neKku Ta 000POHH a TaKOXK 3aJyueHHs 37100yBayiB BUILOI OCBITH JI0
AKTHBHOI HAYKOBOI JisUTBHOCTI.
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